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Background

> Existing benchmarks rely on medical exams or biomedical literature and 87tasks Jiggnosls
are hard to reflect LLM capabilities in complex real-world clinical practice. S i |

> |solated evaluations are not comprehensive and are difficult to generalize. 9 languages

» Lack of multilingual benchmarks impedes the global applicability of LLMs

» Lack of dynamic benchmarking for LLMs on diverse real-world clinical tasks

as hew models continue to emerge.

Methods

> Publicly accessible clinical text datasets:
Diverse datasets collected from literature
database (e.g., PubMed, ACL), community
challenges (e.g., i2b2), web (Huggingface)
> Benchmark: 87 clinical text tasks were
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> Evaluation: 95 LLMs: proprietary (e.g., B Nonvesion ()
GPT-40, Gemini), open-source (e.qg.,
DeepSeek-R1, Qwen3), medical models
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Result
v Model performance increases with time v Performance vs reasoning length (reasoning LLMs)
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