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OBJECTIVES: Home healthcare (HHC) clinical notes contain critical infection indicators that clinicians need in
structured ‘indicator + context’ pairs. Data sparsity and limited computing resources hinder automated extraction in
decentralized HHC settings. We developed and evaluated a resource-efficient pipeline leveraging instruction-tuned,
moderate-sized LLMs and explored a targeted LLM-based data-augmentation strategy to mitigate data scarcity.
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Below is an instruction that describes a task, paired with an input that
| provides further context. Write a response that appropriately completes
| the request.

| 444 nstruction:
Given a clinical note, extract text spans for the category: Invasive
procedure.
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| ### Input:

| “Following her total knee arthroplasty, the patient remained on bed rest
| and required intermittent catheter placements over five days, after

| which she developed signs of infection.”

I
| ### Response:

|  Manual Annotation: Targeted enrichment of real
| {"Invasive procedure": ["intermittent catheter placements over five : “Response” : .
N 5 o ) notes for rare categories.

* Context Mutation: Paraphrased surrounding text
RESU LTS Best model performances: to enhance data diversity_

| category “Invasive procedure” from the clinical note.” ,

x Input” : “Patient has been immobile for two weeks following surgery and has
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